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taxi 1,965
black sedan 1,819
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Category Conventional | Proposed
method method
taxi 37.042 38.598
black sedan 34.379 34.792
other cars 34.368 34.4
little truck 12.108 10.542
middle truck 31.174 32.494
big truck 7.714 7.325
van 23.338 22.17
middle bus 40.909 41.234
big bus 51.006 50.773
other vehicles 20.147 22.316
passengers 16.505 18.129
all 28.063 28.434
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Category The number of mAP (Faster R-CNN) | The number of contexts
instances of train data in memory bank
taxi 96,854 40.4 1,965
black sedan 201,715 36.9 1,819
other cars 219,892 31.1 2,361
little truck 12,148 6.19 10
middle truck 20,604 9.97 11
big truck 4,173 7.87 20
van 25,757 15.0 111
middle bus 5,744 13.8 8
big bus 13,194 39.3 101
other vehicles 17,379 16.7 77
passengers 62,604 15.8 117
all 680,064 21.2 6,600
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EDIC, MERTFELRETFETREDO IV THFA NERMLIEHAOT IV ZED

BHAEE (mAP) 2% 5.1, AEU N7 OFEMAR 52 [RT. ERFIEE LT

ERTIETIE, mAP 28 037 RA U b, BT I VIC K> TR 217%I0 L35 2
EMHERTE .

R 5.1 (ERFELREFECRT DREBE (mAP) DM

Category Conventional method Proposed method
taxi 37.042 38.598
black sedan 34.379 34.792
other cars 34.368 34.400
little truck 12.108 10.542
middle truck 31.174 32.494
big truck 7.714 7.325
van 23.338 22.170
middle bus 40.909 41.234
big bus 51.006 50.773
other vehicles 20.147 22.316
passengers 16.505 18.129
all 28.063 28.434

52 WRFBELRBFEIIATIANV IO TF A MOKE

Category Conventional method Proposed method
taxi 1,965 600
black sedan 1,819 600
other cars 2,361 600
little truck 10 600
middle truck 11 600
big truck 20 600
van 111 600
middle bus 8 600
big bus 101 600
other vehicles 77 600
passengers 117 600

all 6,600 6,600
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