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35 HiOREFFRICKSE, EBRAET - 2P CREEPIY S mAEICE W= /B
DI % K(4.2),(4.3),(4.4) 1T T

0 < Lyga < 25.5 (4.2)
0 < Lgs < 881 (4.3)
0 < Legy <776 (4.4)
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LaL, ZOWHTIRBEOHFEIEZEEINTLARWVZD, 4.4 HiTKd =185 D%
AL, X@BADICRITEYICEET 2. #REX(4.9)ICRT.
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NOHROBEZ R 4.2 ITRT.
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W, $T7EZR7IC X HNEER EOMERTIICH D eBbr b, £, ENELI R L
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BEOHFHZZERE L7295 2T 3 XA OHEN RN L. 72 R27 Th BN X
A7 bFx ¥ Ty avERZAZICX2HENRERATE, MEOHEN BB L ZR%ET
BHLIEhb, “ODFTRRIDETCOWTRHEER %K% R4 1E MTL-AQA Of
o LI RErH 2 L BB L7,

5.2 5% OFE

AWFETlE C3D-AVG A v +7 — 27 ORHTFHREE 2R ALT 282 X7 DEAZICON
THHEMT 2 E L 72, 207, XYV EIECOZRELZMAL L, T— 2B eI
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MREdEZ HIg 3 C e ilgee FE2a o 5.
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