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A Method for Improving Object Detection Accuracy in Coding Noise
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Abstract: Research and standardization activities for Video Coding for Machine (VCM) has been intensified.
In this paper, we propose a method to improve the accuracy of image recognition by processing the coding noise
in VVC encoded video. The proposed method is based on ESRGAN which is a Convolutional Neural Network
(CNN). The evaluation method is the accuracy of object detection by YOLOv7. Experimental results show that
the proposed coding noise processing improves object detection accuracy.
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