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Image Quality Improvement of Sequential Images by Different Combination Orders of

Learning-based and Reconstruction-based Super Resolution
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Abstract

When we apply a super resolution (SR) and a sequential images reconstruction, there are 2 orders of their

combination. We combine these two orders and create five SR images from three low resolution images and we’ll average

them and improve PSNR.
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PSNR[dB] EDSR ;
average |average() | average®@
ambush_1 36.61010 | -0.05943 | 0.07481 | 0.05523
ambush_3 35.36956 | -0.07650 | -0.02904 | -0.11700
bamboo_3 27.70198 | 0.02648 0.03577 | 0.01948
cave_3 32.66400 | -0.06250 | -0.03073 | -0.07944
market_1 32.00046 | 0.02025 0.06481 | 0.00644
market_4 30.26469 | 0.02975 0.03027 | 0.02056
mountain_2 37.98242 | 0.02025 0.06481 | 0.00644
PERTURBED_market_3 | 34.20415 | -0.02429 | 0.06173 | -0.08575
PERTURBED_shaman_1]| 37.14779 | -0.21771 | -0.06460 | -0.36590
temple_1 28.65075 | 0.00100 0.00100 | -0.00200
tiger 30.86817 | 0.01569 0.03054 | -0.00240
wall 39.96904 | -0.32731 | -0.03919 | -0.61340
5 images average : average of HR predicted()(@ and HR
3 images average(D: average of HR predicted() and HR
3 images average@: average of HR predicted® and HR
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