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Basic study of Evaluation of body shape for Multiple Dancers Using OpenPose
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Abstract Recently, dance of idol group or singer is popular. Some people upload dance videos to video sites. Also dance
course was compulsory in junior high school physical education lesson. Thus, it is useful for training dance, evaluating the action
synchronization and body shape of each dancer from videos. We consider the method of evaluation of body shape for multiple
dancers using OpenPose that can estimate pose of multiple people in the image. In this paper, we propose a method to evaluate
the misalignment of a figure by generating a reference model from a dancer in the image, for a moving image in which dancers
are performing same dance.
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